
 

431 

EXPLORING THE IMPACT OF FINANCIAL AND 

EMOTIONAL VALUES ON INVESTMENT 

DECISIONS: A MEDIATION MODEL OF INTENTION 

TO USE CRYPTOCURRENCY AND THE 

MODERATING ROLE OF SOCIAL MEDIA 

INFLUENCE 

Kusuma Ratnawati1, Erie Awalil Fakhri2, Radityo Putro Handrito3, 

Corresponding: kusuma@ub.ac.id 

 
 1,2,3,Faculty of Economics and Business, University of Brawijaya, Indonesia 

 

Abstract. This study examines the relationship between perceived financial and emotional value, 

intention to use cryptocurrency, and investment behavior. This explanatory research was conducted 

among individuals investing in cryptocurrency assets in East Java, with a sample size of 385 

respondents selected through purposive sampling. Data were collected via an online questionnaire 

using a 1-5 Likert scale. The data analysis employed SEM-PLS with the assistance of software 

version 3.3.3. The study's findings indicate that emotional perceived value significantly influences 

both the intention to use cryptocurrency and investment behavior, while financial perceived value 

has a weaker, non-significant impact. Emotional value, including factors such as satisfaction, trust, 

and attachment, was found to be a critical driver of cryptocurrency adoption, supporting axiological 

value theory. Additionally, trust and hedonic motivation were shown to enhance emotional 

perceived value. Social media influence moderates the relationship between both financial and 

emotional perceived value and the intention to use cryptocurrency, further strengthening investment 

behavior. These findings suggest that cryptocurrency platforms should prioritize emotional 

engagement, trust-building, and social media strategies to foster user adoption and investment. 

Theoretical implications highlight the need for multidimensional technology adoption models that 

integrate both rational and affective factors, while practical recommendations emphasize creating 

positive user experiences and leveraging social media to accelerate cryptocurrency adoption. 

Keywords: Investment Behavior, Financial Perceived Value, Emotional Perceived Value, 

UTAUT. 

INTRODUCTION 

The assessment of customer-centric financial technology values indicates a growing interest in the 

creation of new business and marketing models that transcend economic performance. The use of 

cryptocurrency as a medium for exchanging digital value, based on decentralized blockchain 

technology, offers enhanced business opportunities in creating environments that foster network-

based trust, and has seen a market value increase from zero to over $1 trillion (Lee, 2021; Nadeem 

et al., 2021). Examples of how companies are expanding the reach of cryptocurrencies include 

payment acceptance by Dell, Microsoft, AliExpress, and others (Abbasi et al., 2021), for the 

exchange of services or value storage in smart cities or virtual environments and markets (Sharma 

& Park, 2018), cloud computing or cloud-based storage purchases (e.g., Golem or Storj), smart 

contracts and traceability for client information (García-Monleon et al., 2021), supply chain and 

financial management (Aslam et al., 2022; Zheng et al., 2022), as well as value creation through 

reward systems and incentive schemes, as seen in blogging platforms (e.g., Steemit), decentralized 

streaming platforms (e.g., DTube), social networking platforms (e.g., Reddit, Discord), or learning 

platforms (e.g., Tutellus). The expanding use of cryptocurrencies underscores the need for an 

extended understanding of how this technology creates broader value for new business and 

marketing projects, which can be analyzed through a cost-benefit approach based on perceived 

customer value, in line with suggestions by Zheng et al. (2022). 
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The literature on cryptocurrency adoption to date has focused primarily on Bitcoin as a payment tool 

for product acquisition (Palos-Sanchez et al., 2021; Alharbi & Sohaib, 2021; Nadeem et al., 2021) 

or cryptocurrency in general (Abbasi et al., 2021). However, human-centered approaches to 

cryptocurrency adoption remain scarce (Nadeem et al., 2021; Alshamsi & Andras, 2019). In the 

context of disruptive technology adoption, the value-based approach to technology adoption (the 

Value-Added Model, VAM, introduced by Kim et al., 2007), which models perceived value as a 

mediating effect between adoption determinants and behavioral intent, has increasingly been applied 

to identify and assess value drivers (Erdmann, Mas, & Arilla, 2021; Vishwakarma et al., 2020; Kim 

et al., 2017a, 2017b). In investment decision-making contexts, both cognitive value (such as 

financial and functional value) and affective value (such as emotional value) have been shown to be 

relevant in supporting network-based investments such as crowdfunding (Moysidou & Spaeth, 

2016). 

To explore the factors driving the decision to use cryptocurrency from a customer-centric 

perspective, this paper analyzes the intention to use cryptocurrency based on users' perceived value 

of the technology, which is distinguished into two main categories: financial and emotional value. 

We propose a value-based technology adoption model (VAM) adapted to account for the growing 

application and understanding of cryptocurrency. This study also investigates the role of the 'crypto 

knowledge path'—a construct that describes the scope and depth of knowledge about cryptocurrency 

applications—in the relationship between value assessment and users' intentions to adopt the 

technology. The perceived value concept in this study is an extension of the technology adoption 

theory (UTAUT2 by Venkatesh et al., 2012), with sustainability considerations. Given the 

anonymity of blockchain technology users' profiles (Meng et al., 2023), data is collected through an 

online survey targeting a random sample of potential users grouped by shared interests. This model 

is estimated using Partial Least Squares Structural Equation Modeling (PLS-SEM) analysis. 

The objectives of this study are: (1) To analyze and determine the impact of perceived financial and 

emotional value as antecedents to investment behavior; (2) To analyze the direct effects between 

perceived financial and emotional value, intention to use cryptocurrency, trust, hedonic motivation, 

and investment behavior; (3) To analyze the role of intention to use cryptocurrency as a mediator 

between perceived value and investment behavior; and (4) To analyze the role of social media 

influence as a moderator on the impact of perceived financial and emotional value on investment 

behavior. This research is important because the increasing use of cryptocurrency and decentralized 

blockchain technology has opened significant business opportunities, with a market value exceeding 

$1 trillion. Major companies such as Dell, Microsoft, and AliExpress have adopted cryptocurrency 

payments, and its applications include smart contracts, supply chain management, and decentralized 

platforms. However, research on cryptocurrency adoption remains limited, particularly those 

focusing on the investor's perspective to understand investment behavior. Most studies emphasize 

Bitcoin or general cryptocurrency usage, without exploring the perceived value by users. By 

adopting the Value-Added Technology Adoption Model (VAM), this research aims to provide a 

deeper understanding of the factors driving cryptocurrency use. The online survey and PLS-SEM 

analysis will be employed to estimate this model, which is expected to help develop more effective 

business and marketing strategies, support customer-centric cryptocurrency adoption, and make a 

significant contribution to the literature and practice of financial technology. 

 

RESEARCH METHOD 

This study adopts a quantitative research approach with an explanatory research design, which aims 

to explain the relationship between independent and dependent variables in hypothesis testing 

(Sekaran & Bougie, 2016). The research tests the relationship between variables such as financial 

literacy, personality traits, herding behavior, heuristic, and investment decisions. Additionally, this 

study falls under the category of survey research based on the data collection method used. The 

independent variables in this study are financial literacy and personality traits, while herding 

behavior and heuristic are treated as mediating variables, and investment decision is the dependent 

variable. The population of this study consists of individuals who have invested in cryptocurrency 

assets in East Java. However, since there is no specific data on cryptocurrency traders in East Java, 
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the population is categorized as infinite, as cryptocurrency trading does not recognize space or time 

boundaries, meaning anyone who meets the criteria of being a trader can be included. According to 

Roscoe (1975) in Sekaran & Bougie (2016), the sample size for research should be between 30 and 

500 samples, with at least 30 samples in each subcategory if there are multiple categories. The 

sample size calculation for this study was performed using a sample size calculator, resulting in 385 

respondents, meeting the minimum sample size requirement of 30. 

The sampling method used in this study is purposive sampling, a non-probability sampling 

technique. Purposive sampling selects samples based on specific criteria (Sekaran & Bougie, 2016). 

The criteria for sample selection in this study include: Indonesian citizenship, residing in East Java, 

born between 1992 and 2005, having invested in cryptocurrency, having purchased cryptocurrency 

through centralized or decentralized exchanges, and having traded cryptocurrency on the spot 

market, not on derivatives markets. Data collection in this study involves primary and secondary 

data sources. Primary data is obtained directly from the research subjects using interval scale 

measurements to assess preferences, while secondary data is collected indirectly through literature 

such as scientific articles, research reports, e-books, and online news. The primary data is collected 

using a questionnaire with a Likert scale ranging from 1 (strongly disagree) to 5 (strongly agree), 

and documentation is used to support the research constructs. The data analysis includes descriptive 

statistics to analyze, present, and describe the data, and Partial Least Squares (PLS) SEM analysis 

using SmartPLS 3.3.3 software. The SEM-PLS method was chosen because it can be applied to all 

types of data scales, works well with small sample sizes, and can explore relationships between 

variables with weak theoretical foundations, as well as confirm hypotheses. The analysis includes 

evaluating the outer model for convergent and discriminant validity, composite reliability, and the 

inner model for R-squared (R2), predictive relevance (Q2), and goodness of fit (GoF). Hypothesis 

testing is performed using bootstrapping resampling with a significance level of 0.05. Mediation 

testing follows the Baron and Kenny (1986) approach, assessing whether mediation is complete, 

partial, or absent. 

 

RESULT AND DISCUSSION 

3.1 Demographic of Respondents 
 

Table 1. Demographic of Respondents 

Demographic Criteria Frequency Percentage 

Gender Male 173 44.94% 

Female 212 55.06% 

Total 385 100.00% 

Age 17 yo up to 26 yo 156 40.52% 

> 26 yo up to 31 yo 97 25.19% 

> 31 yo up to 36 yo 68 17.66% 

> 36 yo up to 41 yo 40 10.39% 

> 41 yo up to 47 yo 15 3.90% 

> 47 yo 9 2.34% 

Total 385 100.00% 

Educational 

Background 

Elementary School 0 0.00% 

Junior High School 5 1.30% 

Senior High School 64 16.62% 

Diploma/Bachelor 147 38.18% 
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Demographic Criteria Frequency Percentage 

Postgraduate 169 43.90% 

Total 385 100.00% 

Monthly Wages <  Rp 2.500.000,-  25 6.49% 

> Rp 2.500.000,-  Rp 5.000.000,-  39 10.13% 

> Rp 5.000.000,-  Rp 10.000.000,-  91 23.64% 

> Rp 10.000.000,-  Rp 20.000.000,-  87 22.60% 

> Rp 20.000.000,-  Rp 30.000.000,-  61 15.84% 

> Rp 30.000.000,-   82 21.30% 

Total 385 100.00% 

Period of 

Investment 

12 months 0 0.00% 

> 12 – 24 months  85 22.08% 

> 24 – 36 months 168 43.64% 

> 36 – 48 months 43 11.17% 

> 48 – 60 months 89 23.12% 

> 60 months 0 0.00% 

Total 385 100.00% 

Type of 

Investment 

Cryptocurrency 93 24.16% 

Stocks/Mutual Funds 155 40.26% 

Foreign Currency 13 3.38% 

Stocks/Mutual Funds, Cryptocurrency, Foreign 

Currency 

5 1.30% 

Cryptocurrency, Foreign Currency 17 4.42% 

Stocks/Mutual Funds, Cryptocurrency 94 24.42% 

Stocks/Mutual Funds, Foreign Currency 8 2.08% 

Total 385 100.00% 

 

The majority of respondents in this study are female (55.06%), indicating a dominant investment 

behavior among women, although the difference from men (44.94%) is not significant. Most 

respondents are aged 17–26 (40.52%), reflecting high investment activity among younger 

individuals, often in the early stages of their careers or education. The next largest age group, 27–

36 years, comprises 42.85% of respondents, suggesting that this productive age group is the 

dominant investor demographic. Respondents over 41 years old are fewer, indicating a stronger 

interest in investment from younger individuals in more established career phases. 

In terms of education, 43.90% of respondents have postgraduate degrees, and 38.18% hold diplomas 

or bachelor's degrees, indicating a higher level of financial literacy and access to investment 

information. Only 1.30% have a junior high school education, and 16.62% have completed high 

school. Regarding monthly income, most respondents (46.73%) earn between Rp 5,000,000 and Rp 

10,000,000, indicating sufficient purchasing power for regular investments. Additionally, 21.30% 

earn over Rp 30,000,000, while 6.49% earn below Rp 2,500,000, suggesting that middle-income 

earners tend to make small but consistent investments. 

Regarding investment experience, 43.64% of respondents have invested for over 24 months, 

showing a preference for long-term investments. Stocks and mutual funds are the most popular 
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investment types, chosen by 65.97% of respondents, suggesting that traditional investment 

instruments remain the preferred option. Cryptocurrency, while chosen by 24.16%, remains a 

secondary option. Some respondents also opt for a diversified portfolio, combining stocks, mutual 

funds, and cryptocurrency, reflecting an awareness of risk management in investments. 

 

3.2 Result of Mesurement Model Evaluation  

Figure 1 presents the preliminary diagram of the outer model calculation generated by SmartPLS 

version 4.0.9.2, based on tabulation that has not yet undergone reliability and validity testing. The 

researcher will adopt the testing steps recommended by Hair et al. (2022) to evaluate this 

measurement model. Through this approach, the researcher aims to strengthen the validity and 

reliability of the measurement model used in the current study. 

 

 

 

 

 

 

 

 

 

 

 

Figure 1 Result of Outer Loading Evaluation 

Source: Primary Data Process, 2024 

 

3.2.1 Result of Indicator Reliability Analysis 

  The reliability of the indicators is specifically measured by calculating the squared values 

of the standardized outer loadings. The recommended threshold value is ≥ 0.708, as this 

indicates that more than half of the variance in the indicator can be explained by the 

construct, which in turn reflects an acceptable level of indicator reliability (Hair et al., 

2022). The squared values of the outer loadings are referred to as the indicator’s 

communality. This can be seen in Table 2 below. 

Table 2. Indicator Reliability 

Variable 
Indicator 

Reliability 
Outerloading Square Value 

EMOTIONAL 

PERCEIVED 

EP1 0.825 67.99% 

EP2 0.831 69.01% 

EP3 0.769 59.08% 

EP4 0.865 74.81% 

EP5 0.834 69.51% 

FINANCIAL 

PERCEIVED 

VALUE 

FP1 0.930 86.47% 

FP2 0.940 88.41% 

FP3 0.886 78.55% 

HEDONIC 

MOTIVES 

HM1 0.873 76.16% 

HM2 0.837 69.99% 
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Variable 
Indicator 

Reliability 
Outerloading Square Value 

HM3 0.787 61.97% 

INVESTMENT 

BEHAVIOR 

IB1 0.929 86.32% 

IB2 0.931 86.62% 

INVESTMENT 

TO USE 

CRYPTO 

CURRENCY 

IU1 0.669 44.80% 

IU2 0.841 70.65% 

IU3 0.788 62.04% 

IU4 0.862 74.34% 

IU5 0.858 73.68% 

IU6 0.873 76.25% 

SOCIAL MEDIA 

INFLUENCE 

SM1 0.827 68.36% 

SM2 0.927 85.86% 

SM3 0.923 85.16% 

TRUST 

TR1 0.896 80.26% 

TR2 0.849 72.08% 

TR3 0.836 69.87% 

TR4 0.881 77.57% 

 

  According to the guidelines in Table 2, one indicator (IU1) does not meet the reliability 

standard, as its outer loading is below 0.708, indicating insufficient reliability. The table 

also compares the outer loadings with their squared values, reflecting the percentage of 

variance explained by the respective construct. Indicators with outer loadings between 0.4 

and 0.7 can still be retained, provided they do not compromise internal reliability or 

convergent validity (Hair et al., 2022, p. 77). Despite IU1 not meeting the minimum 

threshold, it is retained since its outer loading exceeds 0.6. Chin (1998) also notes that 

indicators with outer loadings above 0.6 can remain without affecting further analysis. 

Additionally, other indicators in the same construct exceed 0.708. Therefore, all items in 

each variable are considered reliable and none were removed. 

3.2.2 Results of Internal Consistency Reliability Analysis 

 

Table 3. Internal Consistency Reliability 

  
Cronbach's 

Alpha 

Composite Reliability 

rho_A rho_C 

Emotional Perceived 0.883 0.888 0.914 

Financial Perceived Value 0.908 0.912 0.942 

Hedonic Motivation 0.778 0.784 0.872 

Intention To Use Crypto Currency 0.900 0.911 0.923 

Investment Behavior 0.844 0.844 0.927 

Social Media Influence 0.872 0.879 0.922 

Trust 0.889 0.894 0.923 

 

   Table 3 presents the evaluation results of internal consistency reliability for the 

seven variables under study: emotional perceived value, financial perceived value, hedonic 

motivation, intention to use cryptocurrency, investment behavior, social media influence, 
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and trust. Three reliability metrics—Cronbach's Alpha (CA), Rho_a, and Rho_c—were 

used to measure internal consistency. All variables demonstrated excellent reliability, with 

each reliability metric significantly exceeding the 0.7 threshold. 

 Additionally, the results confirm that internal consistency reliability adheres to the standard 

guideline CA ≤ Rho_a ≤ Rho_c (Hair et al., 2022). The financial perceived value variable 

exhibited the highest reliability, with CA = 0.908, Rho_a = 0.912, and Rho_c = 0.942. In 

contrast, hedonic motivation showed the lowest reliability among the metrics, with CA = 

0.778, Rho_a = 0.784, and Rho_c = 0.872. Despite being lower than other variables, 

hedonic motivation still meets the excellent reliability standard. These findings indicate 

that the measurement instruments used in this study are consistently reliable in assessing 

the intended constructs, ensuring the trustworthiness of the results and providing 

confidence in the accuracy of subsequent data analysis. 

3.2.3 Result of Convergence Validity 

 

Table 4. AVE Value 
 Average Variance Extracted (AVE) 

Emotional Perceived 0.681 

Financial Perceived Value 0.845 

Hedonic Motivation 0.694 

Intention To Use Crypto Currency 0.670 

Investment Behavior 0.865 

Social Media Influence 0.798 

Trust 0.749 

  

  Convergent validity is used to measure the extent to which items within a construct are 

positively correlated. One method for assessing this is by calculating the Average Variance 

Extracted (AVE), with values greater than 0.5 considered to indicate adequate convergent 

validity (Hair et al., 2022). According to the data in Table 4.11, each variable has an AVE 

value exceeding 0.5, demonstrating strong convergent validity for each construct. This 

indicates that the items within each construct are positively correlated and reliable in 

measuring the intended construct. The variable "investment behavior" shows the highest 

AVE value (0.865), followed by "financial perceived value" (0.845), "social media 

influence" (0.798), "trust" (0.749), "hedonic motivation" (0.694), "emotional perceived 

value" (0.681), and "intention to use cryptocurrency" (0.670). These findings suggest that 

all constructs exhibit high reliability and validity, which is crucial for ensuring the accuracy 

and dependability of subsequent data analysis. 

3.2.4 Result of Discriminant Validity 

 

Table 5. Discriminant Validity 

  
EMOTIONAL 

PERCEIVED 

FINANCIAL 
PERCEIVED 

VALUE 

HEDONIC 

MOTIVATION 

INTENTION 
TO USE 

CRYPTO 

CURRENCY 

INVESTME
NT 

BEHAVIOR 

SOCIAL 
MEDIA 

INFLUENC

E 

TRUST 

EMOTIONAL 
PERCEIVED 

              

FINANCIAL 

PERCEIVED 
VALUE 

0.884        

HEDONIC 

MOTIVATION 0.750 0.878       

INTENTION 

TO USE 
CRYPTO 

CURRENCY 

0.875 0.762 0.953      

INVESTMENT 

BEHAVIOR 0.952 0.796 0.780 0.857     

SOCIAL 
MEDIA 

INFLUENCE 
0.863 0.792 0.846 0.985 0.918    
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EMOTIONAL 

PERCEIVED 

FINANCIAL 
PERCEIVED 

VALUE 

HEDONIC 

MOTIVATION 

INTENTION 
TO USE 

CRYPTO 

CURRENCY 

INVESTME
NT 

BEHAVIOR 

SOCIAL 
MEDIA 

INFLUENC

E 

TRUST 

TRUST 0.771 0.731 0.824 0.854 0.693 0.856   

 

  The results presented in Table 5 indicate that all HTMT values between variables are below 

the threshold of 1, reinforcing the argument for adequate discriminant validity among the 

constructs. In other words, the constructs in the model are conceptually distinct and can be 

differentiated from each other. It is important to note that this section only presents the 

HTMT results to assess discriminant validity. This decision is based on the high reliability 

of HTMT in evaluating discriminant validity, relative to other metrics (Hair et al., 2022, 

pp. 88-89). In another work (Hair et al., 2022b, p. 132), it is noted that while the Fornell-

Larcker criterion has often been used in past research, it does not reliably detect 

discriminant validity issues. This is further supported by recent publications by Hair et al. 

(2023, p. 21), which explicitly recommend that researchers shift from Fornell-Larcker to 

HTMT. 

3.3 Result Structural Model Evaluation 

3.3.1 R2 Test Result 

Table 6. R2 Result 

  R Square R Square Adjusted 

Emotional Perceived 0.526 0.523 

Intention To Use Crypto Currency 0.830 0.827 

Investment Behavior 0.719 0.717 

  

  Based on Table 6 above, it is evident that the adjusted R-Square value for the intention to 

use cryptocurrency is 0.827 (indicating a "high" effect), meaning that the intention to use 

cryptocurrency can be explained by the variables of emotional perception, social media 

influence, and financial perceived value to the extent of 82.7%, while the remaining 17.3% 

is influenced by other variables not included in this study. Furthermore, the adjusted R-

Square value for investment behavior is 0.717 (also indicating a "high" effect), meaning 

that investment behavior can be explained by the variables of financial perceived value, 

emotional perception, and intention to use cryptocurrency to the extent of 71.7%, with the 

remaining 28.3% influenced by external variables not examined in this study. Finally, the 

adjusted R-Square value for the emotional perception variable is 0.523 (indicating a "high" 

effect), suggesting that emotional perception is influenced by the variables of trust and 

hedonic motivation to the extent of 52.3%, while the remaining 47.7% is influenced by 

other variables not included in this study. 

 

3.4 Hypothesis Testing 

Table 7. Hypotheses Testing 

 
Original 

Sample 

(O) 

Sample 

Mean (M) 

Standard 

Deviation 

(STDEV) 

T Statistics 

(|O/STDEV|) 
P Values 

FINANCIAL PERCEIVED VALUE -> 

INVESTMENT BEHAVIOR (H1) 
0.050 0.048 0.053 0.933 0.351 

EMOTIONAL PERCEIVED -> 

INVESTMENT BEHAVIOR (H2) 
0.574 0.578 0.057 9.991 0.000 

FINANCIAL PERCEIVED VALUE -> 

INTENTION TO USE CRYPTO 

CURRENCY (H3) 

-0.004 -0.002 0.037 0.108 0.914 

EMOTIONAL PERCEIVED -> 

INTENTION TO USE CRYPTO 

CURRENCY (H4) 

0.340 0.336 0.061 5.598 0.000 



Kusuma Ratnawati1, Erie Awalil Fakhri2, Radityo Putro Handrito3, 

Exploring the Impact of Financial and Emotional Values on Investment Decisions: a 

Mediation Model of Intention to Use Cryptocurrency and the Moderating Role of Social 

Media Influence 

 
439 

 
Original 

Sample 

(O) 

Sample 

Mean (M) 

Standard 

Deviation 

(STDEV) 

T Statistics 

(|O/STDEV|) 
P Values 

INTENTION TO USE CRYPTO 

CURRENCY -> INVESTMENT 

BEHAVIOR (H5) 

0.270 0.266 0.057 4.729 0.000 

TRUST -> EMOTIONAL PERCEIVED 

(H6) 
0.467 0.461 0.067 6.940 0.000 

HEDONIC MOTIVATION -> 

EMOTIONAL PERCEIVED (H7) 
0.322 0.323 0.048 6.734 0.000 

INTENTION TO USE CRYPTO 

CURRENCY -> INVESTMENT 

BEHAVIOR (H8) 

0.270 0.266 0.057 4.729 0.000 

FINANCIAL PERCEIVED VALUE -> 

INTENTION TO USE CRYPTO 

CURRENCY -> INVESTMENT 

BEHAVIOR (H9) 

-0.001 0.000 0.010 0.107 0.915 

EMOTIONAL PERCEIVED -> 

INTENTION TO USE CRYPTO 

CURRENCY -> INVESTMENT 

BEHAVIOR (H10) 

0.092 0.088 0.019 4.874 0.000 

SM > EP > IU -> INTENTION TO USE 

CRYPTO CURRENCY (H11) 
0.133 0.130 0.050 2.691 0.007 

SM>FP>IU -> INTENTION TO USE 

CRYPTO CURRENCY (H12) 
-0.164 -0.161 0.053 3.075 0.002 

 

1. H1 Rejected: There is no significant relationship between Financial Perceived Value and 

Investment Behavior. The original sample value (O) is 0.050 and the p-value is 0.351, 

indicating that the influence between these two variables is not statistically significant, as 

the p-value is greater than 0.05. Therefore, this hypothesis is rejected. 

2. H2 Accepted: There is a significant and positive relationship between Emotional Perceived 

Value and Investment Behavior. The original sample value (O) is 0.574 and the p-value is 

0.000, confirming a significant and positive influence between these variables. This means 

that the higher the Emotional Perceived Value, the stronger the investment behavior 

exhibited. 

3. H3 Rejected: There is no significant relationship between Financial Perceived Value and 

Intention to Use Cryptocurrency. The original sample value (O) is -0.004 and the p-value 

is 0.914, indicating that this effect is not significant. Thus, this hypothesis is rejected. 

4. H4 Accepted: There is a significant and positive relationship between Emotional Perceived 

Value and Intention to Use Cryptocurrency. The original sample value (O) is 0.340 and the 

p-value is 0.000, indicating a positive and significant relationship. This means that an 

increase in Emotional Perceived Value is associated with an increased intention to use 

cryptocurrency. 

5. H5 Accepted: There is a significant and positive relationship between Intention to Use 

Cryptocurrency and Investment Behavior. The original sample value (O) is 0.270 and the 

p-value is 0.000, confirming that the intention to use cryptocurrency has a significant effect 

on investment behavior. 

6. H6 Accepted: There is a significant and positive relationship between Trust and Emotional 

Perceived Value. The original sample value (O) is 0.467 and the p-value is 0.000, indicating 

a significant positive influence. This means that higher levels of trust are associated with 

higher perceived emotional value. 

7. H7 Accepted: There is a significant and positive relationship between Hedonic Motivation 

and Emotional Perceived Value. The original sample value (O) is 0.322 and the p-value is 

0.000, showing that higher hedonic motivation leads to an increased emotional perceived 

value. 

8. H8 Accepted: Intention to Use Cryptocurrency significantly affects Investment Behavior. 

The original sample value (O) is 0.270 and the p-value is 0.000, confirming that the 

intention to use cryptocurrency significantly influences investment behavior. 

9. H9 Rejected: There is no significant relationship between Financial Perceived Value → 

Intention to Use Cryptocurrency → Investment Behavior. The original sample value (O) is 
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-0.001 and the p-value is 0.915, indicating that this mediation path is not statistically 

significant. 

10. H10 Accepted: There is a significant and positive relationship between Emotional 

Perceived Value → Intention to Use Cryptocurrency → Investment Behavior. The original 

sample value (O) is 0.092 and the p-value is 0.000, indicating that this mediation path 

significantly influences investment behavior. 

11. H11 Accepted: There is a significant relationship between Social Media (SM) → 

Emotional Perceived Value (EP) → Intention to Use Cryptocurrency (IU). The original 

sample value (O) is 0.133 and the p-value is 0.007, indicating a positive and significant 

effect on the intention to use cryptocurrency. 

12. H12 Accepted: There is a significant relationship between Social Media (SM) → Financial 

Perceived Value (FP) → Intention to Use Cryptocurrency (IU). The original sample value 

(O) is -0.164 and the p-value is 0.002, indicating a significant negative effect on the 

intention to use cryptocurrency. 

3.5 Discussion 

3.5.1 Financial Perceived Value and Investment Behavior 

  The results of hypothesis test H1 show a T-statistic of 0.933 with a p-value of 0.351, 

meaning that H1 is rejected. This indicates that financial perceived value does not have a 

significant effect on investment behavior. These findings suggest that while perceived 

financial value, such as potential profit or savings from cryptocurrency investment, is 

important, it is not sufficient on its own to drive investment behavior. As discussed in 

Chapter 2, the theory of axiological value posits that investment decision-making involves 

more than just financial or rational values (Hartman, 1967). In the context of 

cryptocurrency, emotional and social factors may dominate over financial ones. The 

theoretical implication of this finding is that research in the fields of technology adoption 

and investment behavior should recognize that financial value is often a supporting factor, 

rather than a primary driver, of investment behavior. The practical implication is that 

cryptocurrency companies or platforms cannot rely solely on financial value as their 

primary appeal to attract investors. Instead, they need to focus on other elements, such as 

creating emotionally engaging experiences or building strong trust to motivate investment 

behavior. 

3.5.2 Emotional Perceived Value and Investment Behavior 

  The hypothesis test for H2 shows a T-statistic of 9.991 with a p-value of 0.000, meaning 

that H2 is accepted. This finding demonstrates that emotional perceived value has a 

significant positive effect on investment behavior. Emotional values, such as satisfaction, 

confidence, and emotional attachment to cryptocurrency technology, have been found to 

be key drivers of investment behavior. This finding is consistent with the axiological value 

theory (Hartman, 1967), which emphasizes that emotional value is an important dimension 

in decision-making, particularly in the context of disruptive technologies such as 

cryptocurrency. Previous literature, such as Moysidou & Spaeth (2016), also indicates that 

in network-based investments, emotional value plays an important role in building strong 

relationships between users and technology. The theoretical implication of this result is 

that, in the context of cryptocurrency adoption, the emotional dimension of perceived value 

should be central to value-based technology adoption models (VAM). This broadens the 

theoretical understanding of how affective factors can influence investment behavior, 

extending beyond mere financial considerations. The practical implication is that 

cryptocurrency service providers or platforms should focus on creating positive emotional 

experiences through user-oriented marketing, user-friendly platform design, and fostering 

communities that support emotional attachment to the technology. 

3.5.3 Financial Perceived Value and Intention to Use Cryptocurrency 

  The hypothesis test for H3 shows a T-statistic of 0.108 with a p-value of 0.914, meaning 

that H3 is rejected. This indicates that financial perceived value does not have a significant 
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effect on the intention to use cryptocurrency. While perceived financial value may 

influence an individual's decision, this result suggests that financial perception is not strong 

enough to drive users' intention to adopt cryptocurrency. As discussed in Chapter 2, the 

concept of financial value in the context of cryptocurrency does not only focus on economic 

benefits but also involves emotional and trust aspects (Zheng et al., 2022). This finding 

supports the view that the intention to use new technologies like cryptocurrency is 

influenced by factors other than financial value, such as emotional value and trust. The 

theoretical implication of this result is that research on technology adoption, particularly 

blockchain and cryptocurrency technologies, should involve a multidimensional 

assessment of perceived value—both rational and affective. 

3.5.4 Emotional Perceived Value and Intention to Use Cryptocurrency 

  The results of hypothesis test H4 show a T-statistic of 5.598 with a p-value of 0.000, 

meaning that H4 is accepted. This indicates that emotional perceived value has a significant 

positive effect on the intention to use cryptocurrency. This finding aligns with value-based 

technology adoption theory (VAM), which suggests that users often engage with new 

technologies based on the emotional or affective satisfaction they experience (Kim et al., 

2007). Emotional values, such as attachment and trust in decentralized systems, have been 

shown to encourage individuals to adopt cryptocurrency. Previous literature, such as 

Moysidou & Spaeth (2016), also indicates that emotional value plays a role in network-

based investment decisions. The theoretical implication of this result is the importance of 

integrating affective value into technology adoption models to provide a more 

comprehensive understanding of user motivations in adopting cryptocurrency. 

3.5.5 Intention to Use Cryptocurrency and Investment Behavior 

  The results of hypothesis test H5 show a T-statistic of 4.729 with a p-value of 0.000, 

meaning that H5 is accepted. This confirms that intention to use cryptocurrency has a 

significant positive effect on investment behavior. The intention to use cryptocurrency is a 

key driver of investment behavior, which is also supported by technology adoption theory, 

which posits that the decision to adopt new technology often begins with intention 

(Venkatesh et al., 2012). This finding is consistent with previous studies that show that the 

intention to invest in a technology, in this case cryptocurrency, is closely related to the 

actual investment behavior (Zheng et al., 2022). The practical implication of this result is 

that cryptocurrency businesses and technology companies can leverage users' intentions as 

strong predictors to drive wider investment behavior in cryptocurrency. 

3.5.6 Trust and Emotional Perceived Value 

  The results of hypothesis test H6 show a T-statistic of 6.940 with a p-value of 0.000, 

meaning that H6 is accepted. This indicates that trust has a significant positive effect on 

emotional perceived value. Trust in cryptocurrency systems, including the transparency and 

security of blockchain, plays a critical role in building users' emotional value toward this 

technology. As discussed in Chapter 2, trust is a key element in adopting new technologies 

that leads to a positive affective response to the technology (Meng et al., 2023). The 

theoretical implication of this finding is the importance of building trust in new 

technologies, especially in the context of cryptocurrency adoption, to foster a stronger 

emotional relationship between users and the technology. 

3.5.7 Hedonic Motivation and Emotional Perceived Value 

  The results of hypothesis test H7 show a T-statistic of 6.734 with a p-value of 0.000, 

meaning that H7 is accepted. This indicates that hedonic motivation has a significant 

positive effect on emotional perceived value. Hedonic motivations, such as the pleasure or 

satisfaction derived from using cryptocurrency, enhance users' emotional attachment. This 

finding is consistent with literature that suggests hedonic motivation is often linked to more 

positive user experiences when interacting with new technologies (Zheng et al., 2022). The 

practical implication of this result is that cryptocurrency service providers should optimize 
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user experience by introducing features that focus not only on functional aspects but also 

on providing emotionally enjoyable experiences for users. 

3.5.8 Financial Perceived Value and Investment Behavior through Intention to Use 

Cryptocurrency 

  The results of hypothesis test H8 show a low T-statistic and a p-value of 0.915, meaning 

that H8 is rejected. This indicates that financial perceived value does not significantly 

influence investment behavior through the intention to use cryptocurrency. Although 

perceived financial value might motivate users to adopt cryptocurrency, the hypothesized 

mediation path is not validated. This confirms earlier findings that emotional value has a 

stronger impact than financial value in driving investment intentions. The theoretical 

implication is that value-based technology adoption models should place greater emphasis 

on emotional and social influences rather than financial rationality. 

3.5.9 Emotional Perceived Value and Investment Behavior through Intention to Use 

Cryptocurrency 

  The results of hypothesis test H9 show a T-statistic of 4.874 with a p-value of 0.000, 

meaning that H9 is accepted. This confirms that emotional perceived value affects 

investment behavior through the intention to use cryptocurrency. This finding strengthens 

the understanding that the emotional value perceived by users plays a central role in 

motivating them to invest in cryptocurrency. This is particularly relevant to literature that 

suggests cryptocurrency investment decisions are driven not only by financial 

considerations but also by emotional attachment and user experience (Moysidou & Spaeth, 

2016). The practical implication is that cryptocurrency platform developers should focus 

on creating positive emotional experiences that motivate both intention and investment 

behavior. 

3.5.10 Financial Perceived Value and Intention to Use Cryptocurrency Moderated by 

Social Media Influence 

  The results of hypothesis test H10 show a T-statistic of 3.075 with a p-value of 0.002, 

meaning that H10 is accepted. This indicates that the effect of financial perceived value on 

the intention to use cryptocurrency is moderated by social media influence. Social media 

plays a role as a channel that strengthens the relationship between financial value 

perception and the intention to use cryptocurrency. Literature has recognized the influence 

of social media on technology adoption as an important factor in accelerating the spread 

and acceptance of new technologies (Abbasi et al., 2021). The practical implication is that 

it is important for companies and stakeholders to optimize the use of social media in their 

marketing and educational strategies for cryptocurrency. 

3.5.11 Emotional Perceived Value and Intention to Use Cryptocurrency Moderated by 

Social Media Influence 

  The results of hypothesis test H11 show a T-statistic of 2.691 with a p-value of 0.007, 

meaning that H11 is accepted. This indicates that the effect of emotional perceived value 

on the intention to use cryptocurrency is also moderated by social media influence. This 

finding highlights that the emotional effect on the intention to use cryptocurrency becomes 

stronger when driven by social media influence. As discussed in Chapter 2, social media 

plays a critical role in creating communities that support the adoption of new technologies, 

including cryptocurrency (Zheng et al., 2022). The theoretical implication is that 

technology adoption research should consider social moderating factors, especially social 

media, in modeling user decisions. 

3.5.12 Financial Perceived Value and Intention to Use Cryptocurrency Moderated by 

Social Media Influence 

  The results of hypothesis test H12 show a T-statistic of 3.075 with a p-value of 0.002, 

meaning that H12 is accepted. This indicates that social media influence can moderate the 

relationship between financial perceived value and the intention to use cryptocurrency. In 
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other words, social media enhances the relationship between users' perceived financial 

value and their intention to use cryptocurrency. In this context, social media acts as a 

primary channel for disseminating information and shaping perceptions about the financial 

benefits offered by cryptocurrency. When users see information shared through social 

media—such as the financial gains of other users—they are more likely to form stronger 

intentions to adopt and invest in cryptocurrency. The theoretical implication is that the 

influence of social media should be factored into technology adoption models, especially 

for disruptive technologies like cryptocurrency. This supports the view that technology 

adoption is increasingly influenced by social dynamics and collective influence emerging 

through social media. The practical implication is that cryptocurrency companies and 

related platforms should leverage social media as a tool to raise awareness and strengthen 

positive perceptions about the financial benefits of cryptocurrency. Well-designed social 

media campaigns can help generate buzz, accelerate adoption, and increase investment 

participation. 

 

CONCLUSION 

Based on the hypothesis testing conducted in this study, it can be concluded that emotional perceived 

value has a significant impact on investment behavior, while financial perceived value does not have 

a significant effect on investment behavior. This suggests that although financial aspects are 

considered important in investment decision-making, emotional factors are more dominant in 

influencing an individual's intention to invest in cryptocurrency. These findings also indicate that 

the influence of social media can moderate the relationship between perceived financial value and 

the intention to use cryptocurrency, strengthening the positive perception of the financial benefits 

offered. This study contributes to the understanding of how emotional and social factors affect 

investment decisions in disruptive financial technologies such as cryptocurrency, which has often 

been overlooked in previous literature that focused primarily on rational and financial aspects. 

Furthermore, the research confirms that trust and hedonic motivation play an important role in 

influencing the emotional value perceived by users, which, in turn, impacts their investment 

intentions. Thus, the results of this study enrich value-based technology adoption theory (VAM), 

which not only considers financial value but also emotional and social value as significant factors 

in the adoption of new technologies. 

Based on the findings, it is recommended that cryptocurrency service providers focus not only on 

financial aspects but also on creating user experiences that enhance emotional perceived value. This 

can be achieved by building greater trust in cryptocurrency technologies through transparency, 

education, and the development of supportive communities. Marketing strategies that aim to 

establish a strong emotional connection between users and the technology will be more effective in 

promoting adoption and investment participation. Additionally, companies or platforms associated 

with cryptocurrency should leverage the power of social media as a tool to strengthen positive 

perceptions of the financial and emotional value offered by this technology. Social media can serve 

as an effective platform for raising awareness, disseminating user testimonials, and showcasing the 

tangible benefits of investing in cryptocurrency. From a research perspective, it is suggested that 

future studies explore other factors that may influence investment decisions, such as socio-cultural 

factors and the broader role of social influence in the adoption of blockchain-based financial 

technologies. This study also opens opportunities for further investigation into the impact of 

increased technological knowledge and individual attitudes on their interest in investing in 

cryptocurrencies. 

References 

Abbasi, G. A., Tiew, L. Y., Tang, J. Q., Goh, Y. N., Thurasami, R., & Dragan, D. (2021). The 

adoption of cryptocurrency as a disruptive force: Deep learning-based dual stage structural equation 

modelling and artificial neural network analysis. PLOS One, (3), 16. 

doi:10.1371/journal.pone.0247582. 



Kusuma Ratnawati1, Erie Awalil Fakhri2, Radityo Putro Handrito3, 

Exploring the Impact of Financial and Emotional Values on Investment Decisions: a 

Mediation Model of Intention to Use Cryptocurrency and the Moderating Role of Social 

Media Influence 

 
444 

Ahn, J. A., & Seo, S. (2015). Consumer responses to interactive restaurant self-service technology 

(IRSST): The role of gadget-loving propensity. International Journal of Hospitality Management. 

doi:10.1016/ j.ijhm.2018.02.020.  

Albayati, H., Kim, S. K., & Rho, J. J. (2020). Accepting financial transactions using blockchain 

technology and cryptocurrency: A customer perspective approach. Technology in Society, 62, 

101320. https://doi.org/ 10.1016/j.techsoc.2020.101320. 

Alharbi, A., & Sohaib, O. (2021). Technology readiness and cryptocurrency adoption: PLSSEM and 

deep learning neural network analysis. IEEE Access, 9, 2138821394. 

doi:10.1109/ACCESS.2021.3055785. 

Alshamsi, A., & Andras, P. (2019). User perception of Bitcoin usability and security 

across novice users. International Journal of Human-Computer Studies, 126, 94–110. 

doi:10.1016/j.ijhcs.2019.02.004. 

Aslam, J., Saleem, A., Khan, N. T., & Kim, Y. B. (2022). Factors influencing blockchain adoption 

in supply chain management practices: A study based on the oil industry. Journal of Innovation & 

Knowledge, 6,(2) 124134. doi:10.1016/j.jik.2021.01.002. 

AxieInfinity (2021). Whitepaper. Axie Infinity. Retrieved (2022, Mach 12). Axie infitiny. 

https://axieinfinity.com/. 

Baur, A. W., Buhler, J., Bick, M., & Bonorden, C. S. (2015). Cryptocurrencies as a disruption? 

Empirical findings on user adoption and future potential of bitcoin and Co. In Proceedings of the 

open and big data management and innovation, 14th IFIP WG 6.11 conference on e-business, e-

services, and e-society. Cham: Springer. doi:10.1007/ 

978-3-319-25013-7_6. 

Bohr, J., & Bashir, M. (2014). Who uses bitcoin? an exploration of the bitcoin community. 2014 

Twelfth Annual International Conference on Privacy, Security and Trust (pp. 94-101). IEEE. 

doi:10.1109/PST.2014.6890928. 

Boksberger, P. E., & Melsen, L. (2011). Perceived value: a critical examination of definitions, 

concepts and measures for the service industry. Journal of Service Marketing, 25,(3) 229240. 

doi:10.1108/088760 41111129209. 

Burniske, C., & Tatar, J. (2017). Cryptoassets: The innovative investor’s guide to bitcoin and 

beyond. New York: McGrawHill. 

Carmines, E. G., & Zeller, R. A. (1979). Reliability and validity assessment. Sage Publications. 

doi:10.4135/9781412985642. 

Cervellon, M. C. (2012). Victoria’s Dirty secrets. Journal of Advertising, 41, (4) 

133145.doi:10.1080/00913367.2012.10672462. 

Chou, S., & Hsu, C. (2015). Understanding online repurchase intention: Social exchange theory and 

shopping habit. Information Systems and eBusiness Management, 14(1), 1945. doi:10.1007/s10257-

015-0272-9. 

Ciaian, P., Rajcaniova, M., & Kancs, d’A (2014). The economics of BitCoin price formation. EERI 

Research Paper Series, 8, 1799-1815. 

Cohen, J. (1988). Statistical power analysis for the behavioral sciences. Mahwah, NJ: Lawrence 

Erlbaum Associates. 

CoinMarketCap (2022). Criptomonedas. CoinMarketCap. Retrieved (23rd March 2022). 

https://coinmarketcap.com/es/ 

Criminology and Criminal Justice, 14(3). doi:10.1177/1748895813505234. 

Cronin, J. J., Brady, M. K., Brand, R. R., Hightower, R., Jr., & Shemwell, D. J. (1997). A 

crosssectional test of the effect and conceptualization of service value. Journal of services 

Marketing, 11(6), 375–91. 

https://doi.org/
https://axieinfinity.com/
https://coinmarketcap.com/es/


Kusuma Ratnawati1, Erie Awalil Fakhri2, Radityo Putro Handrito3, 

Exploring the Impact of Financial and Emotional Values on Investment Decisions: a 

Mediation Model of Intention to Use Cryptocurrency and the Moderating Role of Social 

Media Influence 

 
445 

Danaher, J., & Mattsson, P. (1994). Customer satisfaction during the service delivery process. 

European Journal of Marketing, 28(5), 516. doi:10.1108/03090569410062005. 

Davis, F. D. (1989). Perceived usefulness, perceived ease of use, and user acceptance of information 

technology. MIS Quarterly, 13(3), 319–340. doi:10.2307/249008. 

Dierksmeier, C., & Seele, P. (2018). Cryptocurrencies and business ethics. Journal of Business 

Ethics, 152(1), 114. doi:10.1007/s10551-016-3298-0. 

Domingo, R. S., Pineiro-Chousa, J., & L ~ opez-Cabarcos, M.  A. (2020). What factors drive returns 

on initial coin offerings? Technological Forecasting and Social Change, 153, 119915. 

doi:10.1016/j.techfore.2020.119915. 

Dumitrescu, G. (2017). Bitcoin - a brief analysis of the advantages and disadvantages. 

Duris, O., Labossiere, C., Lesage, N., & Carre, G. (2022). Digital creativity and therapeutic 

innovation: recreating a clinical space in minecraft. Evolution Psychiatrique. 

doi:10.1016/j.evopsy.2022.01.001. 

Erdmann, A., Mas, J. M., & Arilla, R. (2021). Valuebased adoption of augmented reality: A study 

on the influence on online purchase intention in retail. Journal of Consumer Behaviour. 

https://doi.org/10.1002/ cb.1993. 

Ethereum Foundation (2022). About us. Ethereum Foundation. Retrieved (20th February 2022) 

https://ethereum.org/en/foundation/. 

Faul, F., Erdfelder, E., Lang, A. G., & Buchner, A (2007). G*power 3: A flexible statistical power 

analysis program for the social, behavioral, and biomedical sciences. Behavior Research Methods, 

39, 175–191. doi:10.3758/bf03193146. 

Fornell, C., & Larcker, D. F. (1981). Two structure equation models: LISREL and PLS applied to 

customer exist-voice theory. Journal of Marketing Research, 18(2), 39– 50. doi:10.1177/002224 

378201900406. 

García-Castro, F. J., Abreu, A. M., Rando, B., & Blanca, M. J. (2022). The Phubbing Scale (PS8) 

in the Portuguese population: psychometric properties. Psicologia: Reflexao e Critica, (1), 35. 

doi:10.1186/s41155-022-00209-z. 

García-Monleon, A. Erdmann and R. Arilla  Journal of Innovation & Knowledge 8 (2023) 1003428 

García-Monleon, F., Danvila-del-Valle, I., & Lara, F. J. (2021). Intrinsic value in cryptocurrencies. 

Technological Forecasting and Social Change, 162. doi:10.1016/j.techfore.2020.120393. 

Grappi, S., Romani, S., & Bagozzi, R. P. (2013). Consumer response to corporate irresponsible 

behavior: moral emotions and virtues. Journal of Business Research, 66, (10) 18141821. 

doi:10.1016/j.jbusres. 2013.02.002. 

GreenBiz (2020). State of the profession. GreenBiz Group Inc. (25th March 2022). 

https://www.greenbiz.com/report/stateprofession2020report 

Gupta, R. (2017). Future of bitcoins - a study. Journal of International Banking and Commerce, 

22(3), 1–12. 

Gurbindo, N., & Ortega, J. E. (1989). Adaptacion de las escalas de placer, activaci on y dominancia 

de Mehrabian y Russell en sujetos hispanoparlantes. Revista de Psicologia Social, 4,(2) 179183. 

doi:10.1080/02134748.1989.10821601. 

Hafkesbrink, J. (2021). Questions. Heterotrait-Monotrait Ratio of Correlations (HTMT) in assessing 

the discriminant validity in PLS-SEM model? ResearchGate. (12th February 2022). 

https://www.researchgate.net/ post/Heterotrait-Monotrait-Ratio-ofCorrelations-HTMT-in-

assessing-the-discriminant-validity-in-PLS-SEM-model 

Hair, J. F., Risher, J. J., Sarstedt, M., & Ringle, C. M. (2019). When to use and how to report the 

results of PLS-SEM. European Business Review, 31(1), 2–24. doi:10.1108/EBR-11-2018-0203. 

https://doi.org/10.1002/
https://ethereum.org/en/foundation/
https://www.greenbiz.com/report/stateprofession2020report
https://www.researchgate.net/


Kusuma Ratnawati1, Erie Awalil Fakhri2, Radityo Putro Handrito3, 

Exploring the Impact of Financial and Emotional Values on Investment Decisions: a 

Mediation Model of Intention to Use Cryptocurrency and the Moderating Role of Social 

Media Influence 

 
446 

Halaburda, H. (2016). Digital currencies: beyond Bitcoin. DigiWorld Economic Journal 

Communications & Strategies, 103, 77–92. 

Hall, S. B., & Li, C. (2021). This is how the metaverse might be monetized. World Economic Forum. 

(19th February 2022). https://www.weforum.org/ agenda/2022/02/metaverse-monetization-

business-guide/ 

Hartman, R. S. (1967). The Structure of Value: Foundations of a Scientific Axiology. Wipf and 

Stock. OR: Eugene. 

Henseler, J., Ringle, C. M., & Sarstedt, M. (2012). Using partial least squares path 

modeling in international advertising research: basic concepts and recent issues. In S. Okazaki (Ed.), 

Handbook of research on international advertising (pp. 252-276). Cheltenham, UK: Edward Elgar 

Publishing. doi:10.4337/9781781001042. 

Henseler, J., Ringle, C. M., & Sarstedt, M. (2015). A new criterion for assessing discriminant 

validity in variance-based structural equation modeling. Journal of Academy of Marketing Science, 

43(1), 115–135. doi:10.1007/s11747-014-0403- 

Hou, J., Wang, H., & Liu, P. (2018). Applying the blockchain technology to promote the 

development of distributed photovoltaic in China. International Journal of Energy Research, 42(6), 

2050–2069.doi:10.1002/er.3984. 

Jiang, S., Li, Y., Lu, Q., Hong, Y., Guan, D., Xiong, Y., & Wang, S. (2021). Policy assessments for 

the carbon emission flows and sustainability of Bitcoin blockchain operation in China. Nature 

Communications, (1), 12. doi:10.1038/s41467-021-22256-3. 

Jisuanji Xuebao/Chinese Journal of Computers, 42(1), 125–146. doi:10.11897/SP. 

J.1016.2023.00125. 

Kay, G. (2021). We talked to crypto-art investors to figure out what’s driving people to spend 

millions on NFTs, despite no guarantee their value will increase. Business Insider. Retrieved (15th 

February 2022). https://www.businessinsider.in/tech/news/we-talked-to-crypto-art-investors-to-

figure-out-whats-driving-people-tospend-millions-on-nfts-despite-no-guarantee-their-value-will-

increase/article 

show/81605087.cms. 

Kim, H. W., Chan, H. C., & Gupta, S. (2007). Value-based adoption of mobile internet: An empirical 

investigation. Decision Support Systems, 43(1), 111–126. doi:10.1016/j.dss.2005.05.009. 

Kim, M. K., Joo, C., & Park, J. H. (2017). Investigating the determinants of low adoption of tablet 

PCs in Korean firms: Effects of value perception and alternative attractiveness. Telematics and 

Informatics, 34(8), 1557–1571. doi:10.1016/j.tele.2017.07.003. 

Kim, M. S., & Chung, J. Y. (2019). Sustainable growth and token economy design: The case of 

Steemit. Sustainability, 11(1), 167. doi:10.3390/su11010167. 

Kim, S., Yu, H. Y., & Lee, H. W. (2021). Motivational determinants of digital ticketing: The 

mediating effect of service satisfaction and the moderating effect of psychological discomfort. 

International Journal of Sports Marketing and Sponsorship. doi:10.1108/IJSMS-12-2020-0239. 

Kim, Y., Park, Y., & Choi, J. (2017). A study on the adoption of IoT smart home service: Using 

value-based adoption model. Total Quality Management & Business Excellence, 28(9-10), 1149–

1165. doi:10.1080/14783363.2017.1310708. 

Lasarov, W., Mai, R., & Hoffmann, S. (2022). The backfire effect of sustainable social cues. New 

evidence on social moral licensing. Ecological Economics, 195. 

doi:10.1016/j.ecolecon.2022.107376. 

Lee, B. C. (2021). The promise of Bitcoin: The future of money and how it can work for you. New 

York City: McGrawHill. 

Lewis, R., McPartland, J., & Ranjan, R. (2017). Blockchain and financial market innovation. 

Economic Perspectives, 41(7), 1–17. 

https://www.weforum.org/


Kusuma Ratnawati1, Erie Awalil Fakhri2, Radityo Putro Handrito3, 

Exploring the Impact of Financial and Emotional Values on Investment Decisions: a 

Mediation Model of Intention to Use Cryptocurrency and the Moderating Role of Social 

Media Influence 

 
447 

Linden Research, Inc (2022). About. Linden Lab. Retrieved (12th March 2022) 

https://www.lindenlab.com/about 

Lutfi, A., Al-Okaily, M., Alshirah, M. H., Alshira’h, A. F., Abutaber, T. A., & 

Almarashdah, M. A. (2021). Digital financial inclusion sustainability in Jordanian context. 

Sustainability, 13(11), 6312. doi:10.3390/su13116312. 

Magotra, I., Sharma, J., & Sharma, S. K. (2017). Investigating linkage between customer value and 

technology adoption behaviour: A study of banking sector in India. European Research on 

Management and Business Economics. doi:10.1016/j. iedeen.2017.11.001. 

Mansour, H. (2021). How successful countries are in promoting digital transactions 

during COVID19. Journal of Economic Studies, 49(3), 435–452. doi:10.1108/JES-10-2020-0489. 

Marmora, P. (2022). Does monetary policy fuel bitcoin demand? Event-study evidence from 

emerging markets. Journal of International Financial Markets, Institutions and Money, 77, 101489. 

doi:10.1016/j.intfin.2021.101489. 

Marquez, S. (2016).  Guía completa de la moneda del futuro. Madrid, Spain: RA-MA. 

Martin, J. (2021). Lost on the Silk Road: Online drug distribution and the ‘cryptomarket. 

Mattsson, J. (1991). Better business by the Abc of values. Lund: Studdentlitteratur. 

Mehrabian, A., & Russell, J. A. (1974). The basic emotional impact of environments. Perceptual 

and Motor Skills, 38(1), 283–301. doi:10.2466/pms.1974.38.1.283. 

Meng, S., Zheng, C., Lie-Huang, Z., Ke, X., Feng, G., Cong-Cong, Y., & Yan, W. (2023). 

Anonymity in Blockchain Digital Currency Transactions: Protection And Confrontation. 

Moysidou, K., & Spaeth, S. (2016). Cognition, emotion and perceived values in crowdfunding 

decision making. In Proceedings of the open and user innovation conference, Boston, USA. 

Nadeem, M. A., Liu, Z., Pitafi, A. H., Younis, A., & Xu, Y. (2021). Investigating the adoption factors 

of cryptocurrencies—a case of bitcoin: Empirical evidence From China. SAGE Open. 

doi:10.1177/215824 4021998704. 

Nakamoto, S. (2008). Bitcoin: A peer-to-peer electronic cash system. Retrieved (12th March 2022). 

https://bitcoin.org/bitcoin.pdf 

Nunnally, J. C., & Bernstein, I. H. (1994). The assessment of reliability. Psychometric Theory, 3, 

248–292. 

OECD. (2022). Assessing environmental impact of measures in the OECD Green Recovery 

Database. OECD. https://read.oecd ilibrary.org/view/? ref=1139_1139977-

0fwdw1e0e8&title=Assessing-environmental-impact-of-measures-in-the-OECDGreen-Recovery-

Database. 

Ozdemir, O. (2022). Cue the volatility spillover in the cryptocurrency markets during the COVID-

19 pandemic: evidence from DCC-GARCH and wavelet analysis. Financial Innovation, 8(12). 

doi:10.1186/s40854-021-00319-0. 

Palos-Sanchez, P. R., Saura, J. R., & Ayesteran, R (2021). An exploratory approach to the adoption 

process of bitcoin by business executives. Mathematics. doi:10.3390/math9040355. 

Parasuraman, A., & Colby, C. L. (2015). An updated and streamlined technology readiness index: 

TRI 2.0. Journal of Service Research, 18(1), 5974. doi:10.1177/1094670514539730. 

Pazaitis, A., Kostakis, V., & Bauwens, M. (2017). Digital economy and the rise of open 

cooperativism: The case of the Enspiral Network. Transfer: European Review of Labour and 

Research, 23(2), 177–192 10.1177%2F1024258916683865. 

Pfeiffer, A., Kriglstein, S., & Wernbacher, T. (2020). Blockchain technologies and games: A proper 

match? ACM International Conference Proceeding Series, 71, 14. doi:10.1145/3402942.3402996. 

https://www.lindenlab.com/about
https://bitcoin.org/bitcoin.pdf
https://read.oecd/


Kusuma Ratnawati1, Erie Awalil Fakhri2, Radityo Putro Handrito3, 

Exploring the Impact of Financial and Emotional Values on Investment Decisions: a 

Mediation Model of Intention to Use Cryptocurrency and the Moderating Role of Social 

Media Influence 

 
448 

PJi-Xi, J. T., Salamzadeh, Y., & Teoh, A. (2021). Behavioral intention to use cryptocurrency in 

Malaysia: an empirical study. Bottom Line, (2), 34. doi:10.1108/BL-08-2020-0053. 

Presthus, W., & OMalley, N. O. (2017). Motivations and barries to end-user adoption of Bitcoin as 

digital currency. Procedia Computer Science, 121, 89–98. doi:10.1016/j.procs.2017.11.013. 

PwC (2019). Publications. The ICO /STO Report: A strategic perspective. Strategy & PwC 

Switzerland Report. Retrieved (7th March 2022) https://www.pwc.ch/en/publications/2019/ch-

PwC-Strategy&-ICO-Report-Summer-2019.pdf 

Ramli, N. A., Latan, H., & Solovida, G. T. (2019). Determinants of capital structure and firm 

financial performance—A PLS-SEM approach: Evidence from Malaysia and Indonesia. The 

Quarterly Review of Economics and Finance, 71, 148–160. doi:10.1016/j.qref.2018.07.001. 

Reynolds, P. S. M., & Irwin, A. (2017). Tracking digital footprints: Anonymity within the bitcoin 

system. Journal of Money Laundering Control, 20(2), 172–189. doi:10.1108JMLC-07-2016-0027. 

Rogers, E. M. (1983). Diffusion of innovations. London, NY: The Free Press. 

Sarstedt, M., Hair, J. F., Pick, M., Liengaard, B. D., Radomir, L., & Ringle, C. M. (2021). Progress 

in partial least squares structural equation modeling use in marketing research in the last decade. 

Psychology & Marketing, 39(5), 1035–1064. doi:10.1002/mar.21640. 

Sauer, B. (2016). Virtual currencies, the money market, and monetary policy. International 

Advances in Economic Research, 22(1), 117–130. doi:10.1007/s11294-016-9576-x. 

Serada, A. (2021). Vintage cryptokitties and the quest for authenticity. In Proceedings of the IEEE 

conference on computatonal intelligence and games, CIG. doi:10.1109/CoG52621.2021.9619106. 

Shaikh, A. A., Glavee-Geo, R., & Karjaluoto, H. (2018). How relevant are risk perception, effort, 

and performance expectancy in mobile banking adoption. International Journal of e-Business 

Research, 14(2), 39–60. doi:10.4018/IJEBR.2018040103. 

Sharma, P. K., & Park, J. H. (2018). Blockchain based hybrid network architecture for the smart 

city. Future Generation Computer Systems, 86, 650–655. doi:10.1016/j.future.2018.04.060. 

Sharma, P. K., Kumar, N., & Park, J. H. (2020). Blockchain technology toward green IoT: 

Opportunities and challenges. IEEE Network, 34(4), 263–269. doi:10.1109/MNET.001.1900526. 

Shaw, N., & Sergueeva, K. (2019). The non-monetary benefits of mobile commerce: Extending 

UTAUT2 with perceived value. International Journal of Information Management, 45, 44–55. 

doi:10.1016/j.ijinfomgt.2018.10.024. 

Shehhi, A. A., Oudah, M., & Aung, Z. (2014). Investigation factors behind choosing a 

cryptocurrency. In Proceedings of the IEEE international conference on industrial engineering and 

engineering management 14431447. doi:10.1109/IEEM.2014.7058877. 

Sohaib, O., Hussain, W., Asif, M., Ahmad, M., & Mazzara, M. (2019). A PLS-SEM neural network 

approach for understanding cryptocurrency adoption. IEEE Access, 

Doi:10.1109/ACCESS.2019.2960083. 

Sun, Y., Shahzad, M., & Razzaq, A. (2022). Sustainable organizational performance 

through blockchain technology adoption and knowledge management in China. Journal of 

Innovation & Knowledge, 7(4), 100247. doi:10.1016/j. 

jik.2022.100247. 

 

https://www.pwc.ch/en/publications/2019/ch-PwC-Strategy&-ICO-Report-Summer-2019.pdf
https://www.pwc.ch/en/publications/2019/ch-PwC-Strategy&-ICO-Report-Summer-2019.pdf

